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Large-scale Sentiment Lexicon Collection and Its Application

in Sentiment Classification
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Abstract: Rapid development of social media, such as Micro—blog, brings lots of information as well as challenges
for sentiment analysis. The limited size of Chinese sentiment lexicon is one critical influence on the performances of
sentiment analysis. This paper proposes a simple statistical method to mine large amounts of sentiment words or
phrases to construct a large scale 100,000 words/phrases from microblogs. We apply this large— scale lexicon to
Chinese microblog sentiment classification, and the results confirm a clear performance improvement,
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SRS FRRENM A, 5, &% Opinion Lexi-
con®, & 5 6 800 N XA FIWE LAl 7E UK
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HETU FE RN XASE T B S, AXBR T —4
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KESFEETHT AT K B 17 42 50 KB R
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unigram 843 546 340 059

bigram 962 063 996 860

993 180 993 871

trigram

4 KBHSWH

2T W R AR SCH R B R LR IRA S R
e, BRATH A EE BN E e 5—H RS
K. B, AW — 4 e b I B e R 2 S
:3E%Y Lk

4.1 ¥\
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HTEREA R, B AT E 4732 LR IER
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4.2 RHEMEEHREEIE
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trigram ) &, AT 43 FIBL X = A~F0 40 %15 B4y H
BERRE AT T SRR, I B W B P X =08
A,

BATR K BRI K =R B E AR, AR
IS R KR Em., B2 B3R
B 4 A BRAR T R B M #EBE unigram  best

unigram -+ bigram® #1 best unigram -+ best big-
ram + trigram® 1% /8% i7) $iL LA B9 35 4k 1T 28 16 B0
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7 5 P B 1 IR 18] S A AR () 4, BOW +-2 000 7R
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HER B {8 Beunigram 18 7] S ALBERY 2R K

64.5 — \
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63 14 X
. B E S
62.5
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2%32Ezizizzeiz:
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EEEEEEEEEEEEEEE
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5S35 53FTFITEFETESEoEF R
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B3 HRoKMNEEES bigram 5 BRI S B A R M
HERF R B trigram B RS R LR AL
65.7
06 JAN AN
65.5 /\
65.4 A‘__/ \v/
653 1N\ / \
) ~ — TR
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65.1 ‘OIOT |oTc1oTclolo|o]°T°]O|°T°7
[
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iEiiiiiiiniiis
R RERR R R RARRAARRRA
B4 BBRORKKMES trigram 1§ BRIE SR K HERHE

(@ best unigram R K IFEWR bigram & BR17 So 308 gy A% , R ZE R A unigram B R E AT RRE .
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B AT A : (DX F unigram B, B
0 HE A B I, R KT R B E
BT M X S RRARE & A 20 000 B 43
KRB LB B A, LBMMEH BOWER T
1. 84 % 5 M4 E S SCAF Rk IA) & 6 28 000 A P
BEFF IR A T M, X Al B 5 /5 8 I A B unigram £
HRAEBIE, UZETEARBREER. (ONT
bigram % %Al 4, 24 H 2 W SCAF BRI &
18 000 B ¥ RB X BB AL , 72 BOW + unigram K HLHY)
BARERE R R G — R T 0.56%0; HHRE
X SR AR E & A 22 000 i MEBE A B R B
BBk R E BAR MR A R B R
BAK. )Xt F trigram A, HHEL X
& B & A 12 000 B M RB A BI & AR, 72 BOW +
unigram-+bigram B B O M B 60 FE A E S —
HRE T 0.26% ;#E— K MRS 0 K4
fEHL [ bigram —#E, BAR RFA TR T, (H R
L3k B, AT X 5 H A B IE BRI E R E
BEABREKR.

(1) BOW (bag of words) -+ ALL (all lexicon
feature) : FARFE BAG OF WORDS #F1E i) 2 Aili
A HERIARER(EERI A CHEKIA
B DA B o Ath i 79 A 7] S BT IR

(2) BOW -+ ALL-Our: ¥ /& £ BAG OF
WORDS #51F B3R - R T RATA SRR
TR AR B DL &b oy 4 5 18] S B R 5

(3) BOW + ALL-HowNet: # 7~ F BAG OF
WORDS #5iE A9 35 b 3 FH B T 50 ™ #1751 3] it LA
A i AR IR BT IR 5

(4) BOW + ALL-DUT. # /- 7 BAG OF
WORDS #$4E i 28t 1 FBR T K 2R 28 T2 89 1% /R 1]
B2 LA Y £ FR 8] S BT IR 5

(5) BOW + ALL-Peking: % /8 7 BAG OF
WORDS ##4i B Z i 1 6 B T Jb K #1720 2 LA
A iy 4 1) B BT IR

(6) BOW+ ALL-Tsinghua: #F#/87E BAG OF
WORDS $1iE fy E 5l B B T W8 H BRI
AN S TR Y

BT LA b 6047, B BT B ML R S F IS PEREXT IR 6.
AR E L AN 4 BiR . F6 HEBEAMELL
F 4 TWSHA MBS R R ARG Accuracy/% | Change/%

LEAnES] =L/ RS/ A BOW+ALL 65.73 -
unigram 20 000 20 000 BOW-+ ALL-Our 64. 00 —1.73
bigram 18 000 18 000 BOW-+ ALL-HowNet 65. 47 —0.26
trigram 12 000 12 000 BOW+ ALL-DUT 65. 58 —0.15
it 50 000 50 000 BOW-+ ALL-Peking 65. 60 —0.13
BOW-+ ALL-Tsinghua 65.67 —0.06

4.3 5H4MWRMAKITLE

B T BRATT 1 OO TR [V A1 ) R A 17 1)
EASD A SCA T oAt P9 A 8 B B S B R,
1535k BES JLR EBR T XM, L 5, H
TR LA 1 O i 7 IR S5 A ) 7 R S BT
TREPERE , A SCHAT T AT B9 SE R, Ho

x5 RABEMBEGIT

L 38 e S sl
%4 (Tsinghua) 5567 4 468 10 035
Jb K (Peking) 95 420 515
K#EHETDUD 11 043 10 646 21 689
HowNet 4528 4320 8 848
AT R (Oun 50 000 50000 | 100 000

B AT R 6 T, A SCH R 1 A SR Pk
RESFSRTHENRBRIAL, HEAE6®@
AR, A S5 A 3 A R e 2 B A HAb
TUSSAR IR S, ARG T AR SO R H R R A S A
il A0 5 1 U] L B R, o A R A Rk
iteH —E T .

4.4 EWEBSAXEFLENER

ASCGERBT B RO BESENEEKRIEF
BRI R R AR O T IR R B R R, RRATT
18 % B 2 i 3 SCE R4 24 R 48 NRC-Canadat* 3k
HWERMNAET SUM R BHBERILRE. X
BRI R

(1) Baseline; f#i /§ NRC-Canada & 4t & H
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FohICBUF R, K  ERBRRS . BRNERT
£ 6 PR T RATHY RIS A BT A U5 L1 S REAE F
THREERSE;

(2) Baseline + Our(FRAT1H 1A 4L) ;. 7€ Baseline
REGpEmM b, 5 AWERE,. SHNEZHE RS
A $ Hp B B8 SCIRL g A 30 55 T SCTA) 9 A B, B T I B
THREERS %,

M SER A RINE 7 iR,

RT EWMBHIAEEEHNETE

4% Accuracy/ %
Baseline 64.74
Baseline+ Our 65. 87

s ATER 7 AT, A% SOH) R B T [ S0 K
AR B A SRR B E S A IR R R MR
(1.13%6), FE4riE B T i S B A Rt

5 &

R T R B R SO R S B AL L DR
AR B 2 LA B gk /1 18R ) 4 45 (R B, AR SCTH 1] ¥
B PR RE » $R 1 T — o AT R B A K AR R A
R, BT — RN 10 TG/ A
BRI, 2O RSN THRSRES L,
LI R A% UM R B R SR R ] SR R BB
237 B LAl FP S R A 5 e A 5 A SR I R R L
BMAZRHBEBERSXERT BERENRER
BE B LR .
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