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A Chinese Text Classification System Based on Improved TF-IDF
Feature
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Abstract With the development of Internet technology, people can not only obtain information from the Internet, but also ex-
press personal opinions and analyze their own experiences on the Internet. Since Web2.0, the network has been transformed from
the original reading network to today's interactive network. What's more, with the development of network, the network information
of geometric growth rate is growing. Text information is an important part of network information. Different text information can be di-
vided into different categories such as news, entertainment, commentary, finance and so on. Chinese text classification can not on-
ly facilitate the establishment of a text corpus, but also can be applied to other data mining areas. In this paper, an automatic Chi-
nese text classification system is designed based on improved TF-IDF features and SVM model. Experiments show that the classifica-
tion system constructed by machine learning algorithms can achieve high degree of accuracy and meets practical needs.
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