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Sentiment Analysis of Chinese Micro Blog Based on Rich-features
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Abstract: Micro blog, a new information-sharing platform, is now playing an important role in people’s daily live
with the rise of Web 2. 0. And micro blog sentiment analysis research also attracts more attention in recent years.
This paper provides an in-depth analysis on the difference of feature representation and feature selection between the
traditional sentiment classification and micro blog sentiment analysis. To avoid the drawbacks of feature selection of
existing methods, we propose three simple but effective approaches for feature representation and selection, inclu-
ding the lexi.calization hashtag feature, the sentiment word feature, and the probabilistic sentiment lexicon feature.

Experimental results show that our proposed methods significantly boost the micro blog sentiment classification ac-

curacy from 73.17% to 84.17%, outperforming the state-of-the-art method significantly.
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150 | FEMB M 85.51 88. 50 86. 98 81.83

23X 89. 47 76,50 82.48

itk | 75.61 77.50 76. 54

200 | IEHRME 84. 88 87.00 85.93 82.50

Gakcs 87.37 83.00 85.13
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AT RSB FE H, A 3T 2 2 5 ER
MEVHSRFRATHBMES., BENEREK
WEAT .84 AMEFE. ST HABMITHNTE
WMAKA BT EE, TR R B T 2 AR A1 13
X 1% AR BEAT BN AR IR, IR A 2 B A A1 R B
R F R FREBRERE . EAk
Ak E AR A F IR S EWA] . A0 A R AR AR
DG AR ERIR T 7 BSR4

BHARE, mMAF BRI m R SR
SERBMRATHEHABHER, XRIET EELE
TR 1 P R AR B B HE .

4.3.5 BiEXTHrIMEE

BERITEES R ETRIFNSE RN —E
HATHE,, LA R B 4 FiR.

MWE 4 PR E W F &, 7R E A BT 72

HRAERBERS LA,

85.00%

80.00% -

75.00% -

70.00% - L R4S

65.00%
5 2 3z 9 E
5 08 £ £ @
g i 5 0 &H o
@ T & & 9w

el

B4 BT HEER



142 X R E#

2015 4F

N T — B WIERAT I B B B, BATH A
SCHR B 2 BEALHRRAE 2 8 07 i S L B iR ) — 2
0 REIITEREAT B, SRS R INEK 11 iR,

11 EHAENTE
VRN EBE/N%
ZRACHRRIE 3 07 vk 84,17
— =R 79,53

WXt A LA, BATRY 5 IE e N A
FHERBET 464 AR B EHE P UHAT
BATTERARE

5 ZRRERT—HFITE

A SCHE TS B A AT B K el b 55 A
gk, FEMETUTIRER: DX FAXEH
FAE, AU BB A B, T HE R T EFIE
F 58 A5 2) X FAF R ARL, AU A b4 87 FIAR 1T T
1 BRI B I AT 35, T LSRR A X T 45 =R AR i ALY
BEX FRESBHFCREW;3) % RDEHNE
AR LB S AN RE K it B 2 NS H 3 A R M4
&, A A SIS R IR A N ERX 4 RATRRT
T 18 R T Sk = R A0 3 9RO R IR A L, 3 4 AR A
BHE X 12 1) S AR ) PR A R AT AT 43, K AR T A0 4E
R AR B R 46 B9 A R RRAE , M T B2 0 1 55 b = 1T
TR R . SRR, X R O Bk AR R R
SREHRERBBET 84.17%,

£ N —H TS, RITEF RN KRR T A HEAR
FRAL B R HEAT M 7 15 DA A G A ) 3 ok
B 18R, I B A IR AR B IR R . TRV, R T R
AB BB, — SR AR R R KR,
FHoHNE G B B R R IR BN, RATH 2 T
WIS s T M R e I g,

5 & 3k

[1] A Das, S Bandyopadhyay. Dr Sentiment knows every-
thing! [CJ//Proceedings of the ACL-HLT, 2011. 50-
55.

[2] A Joshi, A Balamurali, P Bhattacharyya, et al. C-feel-
it: A sentiment analyzer for micro-blogs[C]J//Proceed-
ings of the ACLL-HLT, 2011 :127-132.

[3] P Chesley, B Vincent, L Xu, et al. Using verbs and

adjectives to automatically classify blog sentiment[]J] .

Training, 2006, 580(263).

(4] XU&,x0EW. ZFHHEES MNP SCHIEHERS AL
ERRLT]. HENTERSMA, 2012,48(1):1-4.

[5] L Jiang, M Yu, M Zhou, et al. Target -dependent
twitter sentiment classification [ C]//Proceedings of
ACL-HLT, 2011:151-160.

[6] S Prasad. Micro-blogging Sentiment Analysis Using
Bayesian Classification Methods [ N]. Technical Re-
port, Stanford University, 2010, Available at http://
www-nlp, stanford. edu/courses/

[7] Y Lu, M Castellanos, U Dayal, et al. Automatic con-
struction of a context-aware sentiment lexicon: an op-
timization approach[ C]//Proceedings of the 20th inter-
national conference on World wide web, 2011: 347-
356.

(8] P D Turney. Thumbs up or thumbs down?: semantic
orientation applied to unsupervised classification of re-
views[ C]//Proceedings of the 40th Annual Meeting on
Association for Computational Linguistics, 2002 ;417-
424,

[9] B Pang, L Lee, S Vaithyanathan. Thumbs up?: senti-
ment classification using machine learning techniques
[C]//Proceedings of EMNLP, 2002.79-86,

[10] T Mullen, N Collier. Sentiment Analysis using Sup-
port Vector Machines with Diverse Information

Sources [ C]//Proceedings of EMNLP, 2004, 412-
418.

[11] A Go, R Bhayani, . Huang. Twitter sentiment clas-
sification using distant supervision[J]. CS224N Pro-
ject Report, Stanford University, 2009 1-12.

[12] A Pak, P Paroubek. Twitter as a corpus for senti-
ment analysis and opinion mining[ C]//Proceedings of
LREC, 2010:1320-1326.

[13] D Davidov, O Tsur, A Rappoport. Enhanced senti-
ment learning using twitter hashtags and smileys
[C]//Proceedings of the 23rd International Confer-
ence on Computational Linguistics,2010:241-249.

(14] WE, B IER. ETREREMNZHEEP X
R B BT AR IR LY ). P3UE Bk, 2012,

26(1):73-82.
[15] UK. SHHAREFHEIM]. dbT. HERKKEE
MRt , 2008.

[16] T Dunning. Accurate methods for the statistics of
surprise and coincidence[ J]. Computational lingtis-
tics, 1993, 19(1); 61-74.

[17] Dong Z, Dong Q. HowNet [EB/OL]. Available at
http://www. keenage. com/ 2000

[18] CC Chang, CJ Lin. LIBSVM; a library for support
vector machines[]]. ACM Transactions on Intelligent
Systems and Technology (TIST),2011,2(3):1-27.

[19] K Wang, C Zong, K Y Su. A character-based joint






