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Abstract ; Based on the twice sentiment feature extraction approach, this paper uses syntactic depend-
ency as the first extraction method and semantic lexicon as the second. A sentiment classifier based on
naive Bayesian is constructed in order to classify the inclination of emotions from the collected hot topic
data in Chinese microblog and hotel remarks. The experiments mainly compare the classification per-
formance of different combination groups including emoticons,punctuation, extraction methods based on
semantic lexicon feature and those based on twice sentiment feature to find out better pretreatment
methods for sentiment classification of microblog text. Besides,the experiments also compare and ana-
lyze the sentiment classification results between microblog text and hotel remarks to seek out the reasons
for influencing the classification performance of microblog sentiment. The results indicate that the twice
sentiment feature extraction gain the higher F1. And the performance of “emoticons + punctuation +
twice sentiment feature extraction + BOOL” is the best pretreatment method. Meanwhile,it also shows
the reason why the classifier based on naive Bayesian obtains higher classification performance in hotel
remarks is probably that the topic in microblog is various.
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